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Text question answering based on neural networks and attention mechanisms

Amir Shokri, Alireza Gholamnia
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Abstract

Textual question-answering systems are practical subjects in various fields. Therefore, researchers always try to design
a system in this field that selects the correct answer with high accuracy. Today, with the advances in deep learning
techniques, researchers use deep learning tools and different neural networks in designing and presenting a text
question-and-answer system. In this article, we implemented a textual question-answering model based on neural
networks and attention mechanisms. This model uses recurrent neural networks (RNNs) of long-term and short-term
memory types and a convolutional neural network. Also, using self-attention and multi-attention mechanisms will
significantly improve the result (increasing accuracy in choosing the correct answer for the question) in this model. In
this research, the Glove language model was used to embed the question and answer text, and at the end, the proposed
system selects the best answer for the question using cosine similarity. The Trec-QA dataset has been used to evaluate
the proposed model, and the results show that the proposed model has the best performance in choosing the most
suitable answer for the question.

keywords: text question answering systems, convolutional neural networks, recurrent neural networks, self-attention

mechanism, multi-head attention mechanism
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